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OpenClaw

THE Al THAT ACTUALLY DOES THINGS

Clears your inbox, sends emails, manages your calendar, check

All from WhatsApp, Telegram, or any chat app you al

o Introducing OpenClaw
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Frontier Language Model Intelligence By Country, Over Time @ B 9of 9 countries -

Artificial Analysis Intelligence Index v4.0 incorporates 10 evaluations: GDPval-AA, t2-Bench Telecom, Terminal-Bench Hard, SciCode, AA-LCR, AA-
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DeepSeek gives China's chipmakers leg
up in race for cheaper Al

By Reuters — T
February 13, 2025 12:46 PM GMT+8 - Updated 3 days ago I D ‘ ’ Aa ‘ ‘ <: ‘

[1/2] The Despsesk logo is s2en in this illustration taken on January 29, 2025. REUTERS/Dado Ruvic/lllustration /File .
Photo Purchase Licensing Rights [/ >

Summary Companies

e DeepSeek models boost options for Chinese chipmakers like Huawel
e DeepSeek's open-source nature seen aiding Al adoption in China

e Nvidia still leads In Al chips despite Chinese advancements
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US Accelerators Prohibited for Export to China®:2
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s S HERE - ollama run deep X +

C:\Users\zc_ch>ollama run deepseek-rl:1.5b
>>> SHNEF AT AXALSE
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#i# 2. »FEAIRIE TR+

- SERZFEZFHARBNERSERA, LTS SHRED, BASGEEN. 4, FREANFLEEHRT SMEEAMR
SEslFE, BN TEEREARE,

- ZERTLIETZ2NEEZAHE, REEZINS, AEUFHERRS.

#htt 3. x*EERESE
- SEEFSEEFS4TNERNE, 42 5EHFELRIH. AN, EREARBAEFFEHESZSMEFTMY, Eoi{l=




import requests
import json
import re

def llmchat(question):
host="http://localhost"
port="11434"
model="deepsesk-ri’
#model="deepseek-ri:1.5b"

url = f"{host}:{port}/api/chat”
headers = {"Content-Type": "application/json"}

data = {
"model”: model,
"options": {
“temperature”: 8.6

£

"stream”: False,

"messages”: [{
"role": "user",
"content"”:prompt

response=requests.post(url, json=data,headers=headers,timeout=6888)
answer=response.json().get("message").get( ' content’)

print(answer)

print{'\n")

# print(json.dumps{response. json{), indent=2, ensure ascii=False))

prompt = "RERTARKANMTE" # & E2HAHE
print{ \n')
llmchat(prompt)
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& ollama_deepseek_ga.py > ...

2 BERE: BEldisEicllamaiE@H

deepseek-ri:1.5b , [EE: SHAEZEHHA + EFEC=H, ERAEEEA.
AT
1
2 0llama DeepSeek-R1:1.5b OE#EE
= SOLO Coder 3+ ERFMETHEL 0llama HA deepseek-rl:1.5b 188! [E % j& &
4
> BEEE 5
FHEFRE—EA Ollama # deepseek-ri:1.5b ER=FEREZE 6+ from openai import OpenAl
AIEmEIRER. 1AL 7R R B . 7 import
8
oo Camera-mop .
9 def ask_ollama(guestion: str, model: str = “deepseek-rl:1.5b") -> str:
B Thought 10 Ll
11 i 0llama R K#EEEE S
OO CEMEra-mop.py
12
oo requirements.ixt 13 Args:
@ Thought 14 guestion: = [EE M58
15 model: EREMERETR. il deepseek-rl:1.5b
R AiTelE—THMA Ollama £ deepseek-r1:1.5b &2z 16
2] =
ZalEErF. 17 Returns:
18 =l E =3
ollama_deepseek_qga.py ollama_deepse... +59-0 ZE&3FE - o il
@ Thought 20 client = OpenAI(
21 base_url="http://localhost:11434/v1",
- L e
EFECHE, iEEoiTeRE: 23 api_key="ollama"
: - 23 )
[ camera-mcp ECEES S s A .
4
% cd d:\camera-mep; python ollama_deepseek_ga.py 25 response = client.chat.completions.create(
26 model=model,
@ Thought 27 messages=[
EECAeEET! 28 {
29 "rple": "user",
Egﬁ% 30 "content": guestion
ST Ollama J4F deepseek-r1:1.5b 8%, EET S0 31 r
RIS it R AT OIS SRS R OERE T &N 32 ]
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FEESF: ask deepseek.py
FIiZ: python ask deepseek.py (SRIADIEE) 5% python ask deepseek.py "{REIEEE"
SEEEFE: deepseek answertxt
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IHRELE: Y=F(X)

Y=ax:

Y=ax:+bx:

Y= ax.+bXx.+CcX:Xz
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Figure 2-2 Deductive and Inductive Methods
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2. Inductive Method
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SEWE  pilog(pi) +palogips)

Eban: WIZRARSE—4EYIRN6RIERE, Mo 7EERE, XM T IR E

LA REET LA BN EEHNEEITE A

« - [(3/6)log, (3/6) + (3/6) log, (3/6)] =1

-OJLAEH, NROREPERTER, HH0 (FEAHRE) ; RAMNERE—F—F, HA
(TEAHE) (FERM)

"XMIBERBELZMR, FoHUES (RIFMHE)

PEILIRRFA, IEAT BRI T AN EER (hAscRE) lingx +logz x = 0
log,0 = —oo
0+log, 0=10



nnnnnnnnnn

2T E

RIg— 1 FZEToIBEREAET, WETEZFAF TR EEEE?

C1 0 P(C1)=0/6=0 P(C2)=6/6=1

C2 6 Entropy =—=0log0-1log1=-0-0=0

Cl 1 P(C1)=1/6 P(C2) =5/6
C2 5 Entropy = - (1/6) log, (1/6) — (5/6) log, (1/6) = 0.65
Cl 2 P(C1)=2/6 P(C2) = 4/6
C2 4 Entropy = - (2/6) log, (2/6)— (4/6) log, (4/6) = 0.92
E-rftlrx *logax =10
log,0 = —o0
0xlog, 0=10
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veValues(A)

EtalOutlook=0vercasthy: entropy=1*log(1)+0*log(0)=0, Gain=1-0=1



Ssunny = {D1,D2,D8,D9,D11}={2+, 3-}

ISR 509 0.97
R Entropy(S)=- [(2/5) log, (2/5) + (3/5) log, (3/5)1 = 0.970
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Gain(S, H)= Entropy(S)- {3/5*Entropy(S, H=High)+2/5*Entropy(S,H=Normal)}

L

5
r-;,/\
0+,3-} M \ 12+,0-} K
{ V\ /\ — Y pi log px
k=1
1:0 0:3 1:2 0:0

Entropy(S, H=High)= -0/3*log(0)-3/3*log(1)=0
Entropy(S, H=Norm)= -2/2*log(1)-0/2*log(0)=0

Gain(Sunny, Humidity)

= Entropy(S) — { 3/5*Entropy(S, Humidity=High)+2/5*Entropy(S, Humidity=Normal)}
= 0.970 - (3/5)0.0 - (2/5)0.0

=0.970
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Gain(S,Temperature) = 0.970 - (2/5)0.0 - (2/5)1.0 - (1/5)0.0
= 0.970-(2/5){-1*log(1)-0*log(0)}-(2/5){-0.5*l0g(0.5)-0.5*l0g(0.5)}-(1/5)*{-1*log(1)-0*log(0)}
=0.570
- o] B H £E Temperature=Mild i /D8, D11

Gain(S,Wind) = 0.970 - (2/5)1.0 - (3/5)0.915 = 0.019
= 0.970- (2/5) ){-0.5*l0g(0.5)-0.5*l0g(0.5)}-(3/5){-2/3*log(2/3)-1/3*l0g(1/3)}
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BE B, 1948
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IHATNEER

N0/ AT AR TCRRAYATRE, {5618 it pk a ST BEA RIS

XA S AKTR T — I FHRE—IUT (bit)
B->KB->MB->GB->TB->PB->EB->7ZB->YB->BB->NB->DB (2~ 110B)

Byte, Kilobyte, Megabyte, Gigabyte, Terabyte, Petabyte, Exabyte, Zettabyte, Yottabyte,
Brontobyte, NonaByte, DoggaByte

A mathematical theory of communication

CE Shannon - Bell system technical journal, 1943 - Wiley Online Library

HE recent development of various methods of modulation such as PCM and PPM which
exchange bandwidth for signal-to-noise ratio has intensified the interest in a general theary

of communication. A basis for such a theory is contained in the important papers of Nyquist1 ...
Yy 99 Cited by 69155 Related articles  All 143 versions 9

[ciration] The mathematical theory of communication

CE Shannon, W Weaver - 1998 - University of lllinois press
vy 99 Cited by 45663 Related articles  All 372 versions 99
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http://playground.tensorflow.org/

ret @ sk

DATA

Which dataset do
you want to use?

#5

o

IS

Ratio of training to
test data: 80%

_

Noise: 0

Batch size: 12

Epoch

000,163

Learning rate

a®w_drop_down

Activation

almww_drop_down

Regularization Regularization rate Problem type

afeogv_drop _down a®row _drop down aglassificdtionp down

HIDDEN

FEATURES ad rer 2 CRVERES OUTPUT
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Figures copyright Shaoging Ren, Kaiming He, Ross Girschick, Jian Sun, 2015. Reproduced with Figures copyight Clement Fabet, 2012.
permission. . . Reproduced with permission. [Farabet et a/ 5 20 1 2]
[Faster R-CNN: Ren, He, Girshick, Sun 2015]
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FULLY CONNECTED NEURAL NET LOCALLY CONNECTED NEURAL NET

Example: 1000x1000 image

e, IM hidden units

M) 10712 parameters!!

Example: 1000x1000 image
IM hidden units
Filter size: 10x10
100M parameters

ooooo

- Spatial correlation is local
- Better to put resources elsewhere!
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£ 2012 &£, RBZ{ZXZEH Alex Krizhevsky, llya Sutskever, Geoffrey Hinton S AR
HT—/NEH [AlexNet] BIREREZNLE, RET 2012 EANMBEMERBIPELE ImageNet

=UFME Al FHEBEHHAIAY, Geoffrey Hinton IBEHN [REZIZR] , BFRFET
2018 FRERIE, 2024 FRIENRMWEFLE; llya Sutskever Z OpenAl RER& A AR B
BEERZER, b2 AlphaGo B XHIREEEZ—, BRZEEM Alex Krizhevsky 22
CIFAR-10 ] CIFAR-100 #iREMICIEE, NIMBNEHIFAFTEEZ &, T 2017 F9 B
B TEF,

EmAKER AlexNet TIERT, Geoffrey Hinton 245518:  [llya N BN IZEXGSE,
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Imagenet classification with deep convolutional neural networks
A Krizhevsky, | Sutskever .. - Advances in neural ..., 2012 - proceedings.neurips.cc

We trained a large, deep convolutional neural network to classify the 1.3 million high-
resolution images in the LSVRC-2010 ImageNet training set into the 1000 different classes.
On the test data, we achieved top-1 and top-5 error rates of 39.7\% and 18.9\% which is
considerably better than the previous state-of-the-art results. The neural network, which has
60 million parameters and 500,000 neurons, consists of five convolutional layers, some of
which are followed by max-pooling layers, and two globally connected layers with a final ...

vr Save 99 Cite Cited by 141389 Related articles All 89 versions 99

ImageNet classification with deep convolutional neural networks

A Krizhevsky, | Sutskever, GE Hinton - Communications of the ACM, 2017 - dl.acm.org

We trained a large, deep convolutional neural network to classify the 1.2 million high-
resolution images in the ImageNet LSVRC-2010 contest into the 1000 different classes. On
the test data, we achieved top-1 and top-5 error rates of 37.5% and 17.0%, respectively,
which is considerably better than the previous state-of-the-art. The neural network, which
has 60 million parameters and 650,000 neurons, consists of five convolutional layers, some
of which are followed by max-pooling layers, and three fully connected layers with a final ...
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ZM 2% (recurrent network)
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4 108 ¥5=0.7*105+0.3*100=103.5

¥2=0.7*106+0.3*105=105.7




cccccccccc

TEFA P Z 2% (recurrent network)
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the clouds are in the ()
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sky=F1(the clouds are in the) e 1s
the= F2(the clouds are in) A JTEZ=ATLL:

in=F3(the cloud are) sky=F1(the, F2(in, F3(are, F4(cloud, F5(the)))))

are=F4(the clouds)
clouds=Fs(the)
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In England, nobody _1 the age of eighteen can drink in a bar({¥§/%). Mr Green often _2 to
a bar near his house, but he never took his _3 , Tom, because Tom was very young. After Tom had
his eighteenth birthday, Mr, Green _4  Tom to his usual bar for the first time. They drank _5  an
hour, then Mr. Green said to his son, “Now, Tom. I wantto __ 6 you a lesson, you must be _7
not to drink too much. _8 do you know when you have enough? Well, let me tell you. Can you
9  those two lights at the end of the bar? When they come to become _10 , you're having enough
and should go home.”

“But, Dad,” said Tom, *'l can see only one light at the end of the bar.”

( )Il.A.above B. under C.at

( )2.A. went B. shouted C. wrote
( ) 3. A. daughter B. wife C. son

( )4 A sent B. carried C. took
( )5 A. for B. in C.to

( )6.A.buy B. bring C. give
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Head Self-Attention) FlfTimfH<e 2% (Feed Forward Neural
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https://arxiv.org/abs/1706.03762
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GPT (Generative Pre-Trained Transformers)

EIpEFMT%E, BFERL...

e Text completion (K??%ﬁ)

probabilities

Once upon a
time,

INRAZFKIAICE
sky=F1(the clouds are in the)
the= F2(the clouds are in)

was in=F3(the cloud are)
are=Fa(the clouds)
clouds=Fs(the)

Once upon a

Hrompr time, there

Once upon a

time, there was Inference




Chat: WIRIE LRI MEIELTL...

e For chat (multi-turn)

O En -

What is
© =

A chat between a curious user and an Al
assistant. The assistant provides concise,
polite answers.

USER: Hi!

A chat between a curious user and an Al
assistant. The assistant provides concise,
polite answers.

USER: Hi!

USER: What is Al?

- -oEa
you?

-Bg-oxm
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OpenAl i Dota 2 A THAEEAEAINE OpenAl Five BERH T =FWNAR. 1E
2019 £ 4 8 13 H, OpenAl Five B A 7B MM 7T HFBSESKBARN Al &%, B
E4AT OpenAl iIREAFHEXANCXAIEZHET. ITH, OpenAl £T %% 7iaidZ
MBS {Dota 2 with Large Scale Deep Reinforcement Learning) .
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WNERKFEICE

sky=F1(the clouds are in the)
the= F2(the clouds are in)
in=F3(the cloud are)
are=Fa(the clouds)
clouds=Fs(the)
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Abstract

Making language models bigger does not inherently make them better at following
a user’s intent. For example, large language models can generate outputs that
are untruthful, toxic, or simply not helpful to the user. In other words, these
models are not aligned with their users. In this paper, we show an avenue for
aligning language models with user intent on a wide range of tasks by fine-tuning
with human feedback. Starting with a set of labeler-written prompts and prompts
submitted through the OpenAl APL we collect a dataset of labeler demonstrations
of the desired model behavior, which we use to fine-tune GPT-3 using supervised
learning. We then collect a dataset of rankings of model outputs, which we use to
further fine-tune this supervised model using reinforcement learning from human
feedback. We call the resulting models InsrrucrGPT. In human evaluations on
our prompt distribution, outputs from the 1.3B parameter InstructGPT model are
preferred to outputs from the 175B GPT-3, despite having 100x fewer parameters.
Moreover, InstructGPT models show improvements in truthfulness and reductions
in toxic output generation while having minimal performance regressions on public
NLP datasets. Even though InstructGPT still makes simple mistakes, our results
show that fine-tuning with human feedback is a promising direction for aligning
language models with human intent.

1 Introduction

Large language models (LMs) can be “prompted” to perform a range of natural language process-

ing (NLP) tasks, given some examples of the task as input. However, these models often express
unintended behaviors such as making up facts, generating biased or toxic text, or simply not following
user instructions (Bender et al. Bommasani et al.| 2021} [Kenton et al.| 2021} Weidinger et al.|
amkin et al. . This is because the language modeling objective

“Primary authors. This was a joint project of the OpenAl Alignment team. RL and JL are the team leads.
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We focus on fine-tuning approaches to aligning language models. Specifically, we use reinforcement

learning from human feedback (RLHF; Christiano et al., 2017} Stiennon et al., 2020) to fine-tune
GPT-3 to follow a broad class of written instructions (see Figure 2). This technique uses human
preferences as a reward signal to fine-tune our models. We first hire a team of 40 contractors to label
our data, based on their performance on a screening test (see Section [3.4]and Appendix for more
details). We then collect a dataset of human-written demonstrations of the desired output behavior
on (mostly English) prompts submitted to the OpenAl AP and some labeler-written prompts, and
use this to train our supervised learning baselines. Next, we collect a dataset of human-labeled
comparisons between outputs from our models on a larger set of API prompts. We then train a reward
model (RM) on this dataset to predict which model output our labelers would prefer. Finally, we
use this RM as a reward function and fine-tune our supervised learning baseline to maximize this
reward using the PPO algorithm (Schulman et al., 2017). We illustrate this process in Figure |2| This
procedure aligns the behavior of GPT-3 to the stated preferences of a specific group of people (mostly
our labelers and researchers), rather than any broader notion of “human values™; we discuss this
further in Section|[5.2] We call the resulting models InstructGPT.
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FRZIRIRIEREGEE: ~6TB (3)
Corpora Size Source Latest Update Time
BookCorpus [122] 5GB Books Dec-2015
Gutenberg [123 - Books Dec-2021
C4 [73] 800GB| CommonCrawl Apr-2019
CC-Stories-R [124] 31GB | CommonCrawl Sep-2019
CC-NEWS [27 78GB | CommonCrawl Feb-2019
REALNEWSs [125] 120GB| CommonCrawl Apr-2019
OpenWebText [126] 38GB | Reddit links Mar-2023
Pushift.io [127 2TB Reddit links Mar-2023
Wikipedia [128 21GB Wikipedia Mar-2023
BigQuery [129] - Codes Mar-2023
the Pile [130 800GB Other Dec-2020
ROOTS [131 1.6TB Other Jun-2022

Zhao, W. X., Zhou, K., Li, J., Tang, T., Wang, X., Hou, Y., ... & Wen, J. R. (2023). A survey of large language models. arXiv preprint arXiv:2303.18223.
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Model Release | Size Base Adaptation Pre-train Latest Datt Hardware Training
Time (B) Model IT RLHF Data Scale Timestamp (GPUs/TPUs) Time
T5 Oct-2019] 11 - - - 1T tokens  Apr-2019 1024 TPU v3 -
mT5 Oct-2020) 13 - - - 1T tokens - - -
PanGu-« Apr-2021| 13% - - - 1.1TB - 2048 Ascend 910 -
CPM-2 Jun-2021} 198 - - - 2.6TB - - -
TO Oct-2021 11 T5 v - - - 512 TPU v3 27 h
CodeGen Mar-2022y 16 - - - 577B tokens - - -
GPT-NeoX-20B Apr-2022 20 - - - 825GB - 96 40G A100 -
Tk-Instruct Apr-2022) 11 T5 v - - - 256 TPU v3 4 h
UL2 May-20224 20 - - - 1T tokens  Apr-2019 512 TPU v4 -
OPT May-2022 175 - - - 180B tokens - 992 80G A100 -
NLLB Jul-2022| 54.5 - - - - - - -
Publicly GLM Oct-2022] 130 - - - 400B tokens - 768 40G A100 60 d
Available Flan-T5 Oct-2022) 11 T5 v - - - - -
BLOOM Nov-2022 176 - - - 366B tokens - 384 80G A100 105 d
mTO0 Nov-20221 13 mT5 v - - - - -
Galactica Nov-20224 120 - - - 106B tokens - - -
BLOOMZ Nov-2022 176 BLOOM v - - - - -
OPT-IML Dec-2022| 175 OPT v - - - 128 40G A100 -
LLaMA Feb-2023] 65 - - - 1.4T tokens - 2048 80G A100 21d
CodeGeeX Sep-2022] 13 - - - 850B tokens - 1536 Ascend 910 60d
Pythia Apr-2023| 12 - - - 300B tokens - 256 40G A100 -

Zhao, W. X., Zhou, K., Li, J., Tang, T., Wang, X., Hou, Y., .

.. & Wen, J. R. (2023). A survey of large language models. arXiv

reprint arXiv:2303.18223.




Closed
Source

GPT-3 May-2020
GShard Jun-2020
Codex Jul-2021

ERNIE 3.0 Jul-2021

Jurassic-1 Aug-2021
HyperCLOVA Sep-2021
FLAN Sep-2021
Yuan 1.0 Oct-2021
Anthropic Dec-2021
WebGPT Dec-2021
Gopher Dec-2021
ERNIE 3.0 Titan Dec-2021
GLaM Dec-2021
LaMDA Jan-2022
MT-NLG Jan-2022
AlphaCode Feb-2022
InstructGPT Mar-2022
Chinchilla Mar-2022
PaLM Apr-2022
AlexaTM Aug-2022
Sparrow Sep-2022
WelLM Sep-2022
U-PaLM Oct-2022
Flan-PaLM Oct-2022
Flan-U-PaLM Oct-2022
GPT-4 Mar-2023
PanGu-X Mar-2023

175
600
12
10
178
82
137
245
52
175
280
260
1200
137
530
41
175
70
540
20
70
10
540
540
540

1085

1

GPT-3

LaMDA-PT

GPT-3

PalLM
PalLM
U-PaLM

PanGu-«

300B tokens
1T tokens
100B tokens
375B tokens
300B tokens
300B tokens

180B tokens
400B tokens

300B tokens

280B tokens
768B tokens
270B tokens
967B tokens

1.4T tokens
780B tokens
1.3T tokens

300B tokens

329B tokens

May-2020

2048 TPU v3

384 V100
800 GPU
1024 A100
128 TPU v3
2128 GPU

4096 TPU v3

1024 TPU v4
1024 TPU v3
4480 80G A100

6144 TPU v4
128 A100
64 TPU v3
128 A100 40G
512 TPU v4
512 TPU v4

512 Ascend 910

120 d

24 d
5d
37 h

100 d
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A100IH#E400W, 20005k ki=1721K
0.4*2000*24*21=4075 8

LR EBSTHEE300W, 5003K-Ki5fT100K
0. 3*500*24*100=36 5 EH
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US Accelerators Prohibited for Export to China®:2

Total Processing Performance (TOPS)?

40,000

25,000

Total Processing Performance
(TPP): &b TIMCIk#RAE (Tera
Operations per Second, TOPS)
S

20,000

15,000

Performance Density: PEfE%
FEVPAR S A B RT B IRE RE R I
» BITPPER L F (U IEI A Die Size

10,000

5,000

Performance Density

https://artificialanalysis.ai/
[
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EMFEKEREE: Rl /5. TZ2EE
HENEFRMS5RE, AR IZUREREEAERERN M
EAAIORFDEERNEARE. THNT 2T

AIFFRRIRA (BdE) . kg (B0, &E) | KRR T 2UENERESNIIRE
OpenAITIAERIZORBRENTZTiE, SRUEE. #EEk. SHIRE. MERIT. RERH
%, XENRA LRE 7 KIRERTER
E R UERICICER ST, (BSUEEEIIRIERE. JUFATRITEAN., SRR AT BE ) 1Z6M55E
BIRR

https://www.sohu.com/a/674362808 104036
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%K vs B3

—EFNEN BERHE ST EBAYRENE, EFRIN
E’J—i%i:'zo IS RE—SKTEMN— 1), A1)

EJ_ljﬂﬁ‘_&ﬁF%nn, X L) R K ERYRREY Tk
%T =7l | W[ 1IJEHUEI’JF'ZJ: FF Xl 1I]71' =

@MLUJL_‘“ HUEESCAIR, FiEdaeXE €

= FAan BRI,

IESEARKIFIRHRIZRIKR, KIESKREATLIF

BARE SR

SRS A RBAETRE, xR T
2" FARAEELERNEAE,

VS

E4aRIERE:
BRTCHREYE

EDRS E/ "
EI:R 57

AGIRVBtrE

\>>§

"

SR

| FEREETRLE EE

SSIWSESEEISIoNIE

https://mp.weixin.qg.com/s/_5M7uc86kCTWxgSUSPKIfg
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STAOFTAIRE . ISR SR

BRI 718 (Moravec ‘s Paradox)
X ASEEREHERES (WJ&I]L‘I'%%E" . KD TRE. 31 Qﬁtﬁjzlﬁ
SIZE. MARTRRES) , HHENRNEK,; (EERMEREES (T
. BREEFOREE) 5 EJ‘EK&W&%?EEE’\J%‘E

Wi E (BRRMENERIAEZ—, ERR)

BT MRERZIEZERE, ARSI

LLMsARR EBARREFI—PMRNEIHAREIRR, BRATENAS
BRI SHIHb G

REEHAMEEER

BIY R ERMAF I H R R (world model), BIXtHFIE/ESZNRIARED
INFIREY; BERIFAMICIS. BEMXIEZMTEIFYFIFITHEEN RS, X
L enFENRIT

Z=%K, BliEImageNet, BIZSE)EEE

https://mp.weixin.qq.com/s/7Ey3yajG0rzM4ScfpSV-Dg
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Wi BRI FER, IUNZE
%%ﬁﬁﬁﬁ’]ﬁclﬂd‘%ﬂt

%’%ﬂ@%, FESTEER (z5), =
8]) HATWER-1TE0-RIREFS, A
ﬁxs%ﬂz HFF

https://www.bilibili.com/video/BV1RoMBzTE49/?spm_id_from=333.337.search-card.all.click
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EQUIS

ACCREDITED

Model Direct Prompt CoT Params
Human Performance 98.0% £ 0.6 N/A N/A
Open-Source Models
VideoLLaMA3-TB [55] 0% + 0.0 0% + 0.0 7B
‘_1 VideoLLaMA3-2B [E5] 0% £+ 0.0 0% £+ 0.0 2B
TimeChat-7TB [62] 0% + 0.0 0% + 0.0 7B
I_L MiniGPT4-Video [ 1] 0% + 0.0 0% £+ 0.0 7B
MovieChat [64] 0% £+ 0.0 0% £+ 0.0 7B
l_, Video-ChatGPT-T7B [458] 0% £+ 0.0 0% £+ 0.0 7B

VideoGPT-plus-Phi3-mini-4k [49] 0% £+ 0.0 0% £ 0.0 7B

VILAL.5-13b[43] 0% £+ 0.0 0% £ 0.0 13B
ShareGPT4Video-3B [Y] 0% £+ 0.0 0% £ 0.0 8B
VideoLLaMAZ2-7TB [15] 0% £ 0.0 0% £ 0.0 7B
f—l Video-LLaVA [37] 0% £+ 0.0 0% £ 0.0 7B
LLaVA-NeXT-Video [38] 0% £+ 0.0 0% £ 0.0 8B
InternVL2-40B [16] 0% £+ 0.0 0% £+ 0.0 40B
InternVL2-8B [16] 0% £+ 0.0 0% £ 0.0 8B
InternVL2.5-78B [15] 0% £ 0.0 0% £ 0.0 T78B
InternVL2.5-8B [15] 0% £+ 0.0 0% £ 0.0 8B
InternVideo2.5-Chat-8B [72] 0% £+ 0.0 0% £ 0.0 8B
InternVideo2-Chat-8B [70)] 0% £+ 0.0 0% £ 0.0 8B
Qwen2-VL-2B-Instruct [65] 0% £+ 0.0 0% £ 0.0 2B
Qwen2-VL-TB-Instruct [68] 0% £+ 0.0 0% £ 0.0 7B
Qwen2-VL-72B-Instruct [68] 0% £+ 0.0 0% £ 0.0 2B

! Qwen2.5-VL-3B-Instruct [ 3] 0% 4+ 0.0 0% 4+ 0.0 3B
Qwen2.5-VL-7TB-Instruct [ 3] 0% 4+ 0.0 0% 4+ 0.0 7B
Qwen2.5-VL-72B-Instruct [3] 0% 4+ 0.0 0% 4+ 0.0 72B
Closed-Source Models
Gemini 1.5 Pro [66] 0% + 0.0 0% + 0.0 N/A
Gemini 2.0 Flash[21] 0% + 0.0 0% 4+ 0.0 NIA
GPT-4do [29] 0% + 0.0 0% 4+ 0.0 NIA

https://timeblindness.github.io/
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"From a legal perspective, you "MIEEBEXRE, {RMNIZ{F Professional and
2 | should carefully check whether the  @ESFEFERSHEITR | o0 (B ERY)
contract contains any unfair clauses." | 233%&#K, PProp a
"These kinds of contracts are all 03 Sh A= -~ s | INnformal tone, reduced
s A | more or less the same. Just have a ﬁ%%;%@;/%}%?yo 2Ll professionalism (FEIEZ(IE
good look before signing.” ZUERE S, BEETEM)
"Haven't you signed something like | V| ST S (1] Switches to casual, chatty
HE8A | this before? It's probably not that Qﬁl’iﬁu'ff‘fﬂxﬂ')‘mg‘ﬁug? language (VJRZIEE. ®
: n EEUIX%BA?IE SE==
serious. ° WSS
"Haha, maybe you can just hold off IMATS TSI | B Flippant tone, lacks
2 A onsigning and see if they E%”?,Eﬂ]gﬁzggkﬁ%x—‘ professional judgment (32
compromise.” ° FANESR, R=TAFKT)
’ : A= — Breaks persona, contradicts
= =] & ~ =) I/_< S . !
frze o | Contracts vary. If you're really SREAER, WRER | assigned role (3THEfE

worried, you could consult a lawyer."

REL, ALAEEERM., "

E, SoERABETE)




AesE: EENRSABIRE

Consistency Score Fluency Score

Diversity Score Engagement Score

——doctor ——lawver ——teacher —=—Counselor ——doctor —=—lawver —=—teacher ——Counselor

——doctor —=—lawver —=—teacher ——Counselor ——ductor —=lawyver —=—teacher —=—Counselor

Contingency Fluency Diversity Engagement

Fig. 3: Contingency, Fluency, Diversity, and Engagement across Turns for four roles.

—Bi (Consistency) : ERESIEINET RIS ERISEIRIT RS, AR ARA AT, Fu
IES. EESRERESNRE

FHAME (Fluency) : SERYAMGERERY. DEESULREIRY, SHTERNERSEE

ZHEME (Diversity) : BT EEEMAEDWRE, BEXES SRS ESR

S5 (Engagement) : EEABIURERARMN, RSESMEEY, FHESHEOEIERYE, HEIRS R0
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s v | ERAEmHE
: BEGEORRRAREM
A S ! _h.._hl ] - = —
NEBRIRIT | BEIRSHERIEEGEOMMAE R, RIKEZ=50007T BEEE P
FEERR | @i Al #7213 + Al REBIE + Al XREER 12750
2025128118 1414 TSR, () smmEAPP A AN & @ £ ’ﬁi EIS'EIN.EEL X/\E. DeepSeek. il
X, TEESN A BRFARRENMNLHE
> 500
IREHE :
VRS E S EEoWInR, NE, T, M, 2@, BEBEEHFENZ! e e BRS3HA: 365 K
g LETRER N, Sis HFERR BT Al 3013 + Al AREBIE + Al XREBIER 88507T
(RiE: MBRHE) 7ol SR %, AISXMEE. X/E. DeepSeek, &
2-19.09:15 (| X, TEESZNMA BRILERSMRLHE
o | Em >800 1
EF\EE+ SR +FR+ 55 §
R EFEE, asES b ARS5HA: 180 X
ralETE e F®I5 |82 Al + Al IREIBIE + Al XREIER 50007t
SHENRSHER (B, EEEHT —HGEOUBERARE, EfTHEEs 2-19.09:07 [ | i, AIXMEE. XE. DeepSeek, il
128108, BSms ], BEENT—HGEOfERAR, T THESs. y = e L@
N — 3 nf%%l Al BRFAERSNMRLHE
X . e . " . . ) EEES! ETEAN+ER, >500 1
i ()] FRE, BRCEONEEAFEREHNEN FE, MERMBSARFES STHENT | noor. suns, o
EhgTaaEn, —IHEEY. SRESEEEEEHSENALR (R BRT7E88 "GEOfL . ... 1 ARSSHA: 90 X
BB E" WPDFME, HihE: "XE128 1085 FErss, BESMmBENEERTESHE & RENEAZOITEF AN ST,
B, NYBRESaESIFINRET.
BIEKRR: ZpERME

SR, MRBMAINFE, (FIERERIFE, 3PRINEEE

httﬁs://finance.sina.com.cn/stock/t/2025-12-ll/doc-inhamhsh7919059.shtml
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L BRI EER. =
v5] 2025-12 B
geoffifb-—ibLAIRILES
& H98 A\ B S
geofit i, LB RANZD BA YIS, ok ANIEES ¥ (SFRE RS EHRLIEANSAMRE #
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@ PEEIE 2025-12 -
geofi b B -EEZH VHMGEOAT-FEML LA EZEW C
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C
E
GEO{{t JAISEO{X{LQ XIERSEO
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SR EH S HN FREANS RS (&)

Step 1: T#FNZZE Ollama
HANEMTE: ¥7FF https://ollama.com/download, F(Z! Ollama Y Windows/ Mac hx &

FIFFLEERRRE: WindowsXdh.exeX{4, MacX¥d: .dmg 34, IMEIREERETIT

Step 2: TEF=ITIREY
Windows: #TFF Windows BIap iR RSB REFHA cmd
Mac: ¥JFF Mac FU%im (Terminal)
1=17: ollama run deepseek-rl:1.5b
Hifid: ollamarun deepseek-r1:7b

EABASIAAERIR B I AiziTEO®A /bye
BB SR T HEIAERAIXNE LI s TEORA: 12
ELBEEREN LR (B2 KREL: fEemd/ZinAME FHIA ollama list, PAIREE (AEMAPrtScniE)




AN

1

AN SSERK ERIRKERE (18)

~=1, /\iI:I E*;ﬁI:J

{');'} Discord GitHub Models Q. Search models

.o.

Get up and running with large
language models.

Run Llama 3.3, DeepSeek-R1, Phi-4, Mistral,
Gemma 3, and other models, locally.

Download |

Available for macOS,
Linux, and Windows




v anSHEFET - ollama rundeep X q |57

C:\Users\dell>ollama run deepseek-rl:7b
pulling manifest
pulling 96cl15656d37... 100%
pulling 369call98f347... 100%
pulling 6elic38e1172f... 100%
pulling fld2Ue9138dd... 100%
pulling 40fb8uuyloub2... 100%
verifying sha256 diges
g writing manifest
success
i >>> SdiER, BERER
<think>
 FR, BRUREDESHERENRENABSHREATEEDF"NERCHN, 8%, REERAFNBARE: “ETER,
BERE K", BEXXE— M ARMENRE, JEEEMNIENRAESE 7TRENSE.

g An, RESHTXANRAEAS, APRIGEIER”, XURKEIETESENEEEH, WERRE VNEREEERRASH, &
AEX, XUHEEEERREANERRSIECHNARILENL.

ETRXR, BEBIATESFI—PTALIEEDFNGH. FHAL, BENIEDEERMHEE. @GR, BHEESE., Bit, EXTHE
AT, BNZBBENAR, RIAREATLEEUF, HEEERNEESINRHNRSEE,

| G, BRLEFEAFPTRNRES K, BIUEEREMSKAERE, ESTRENTERE, L, RTEHERZSH, &
AN —EXTUAEBEMNNEE, IXEAEEARE.

=h, EERFESREHET, #ERaEREESXNAE, tAFPEZERE. X, APFAVEESIEBNES, RS AIERNAEEFH
BHM.
</think>

BE—MALEENT, BPENFRERSE (DeepSeck) ATRUFE, RBELECNEHSBR, SBEFSEWMRTNSES
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Microsoft Windows [~ 10.0.22631.UU60]
(c) Microsoft Corporation, {REETERFI.

C:\Users\dell=>
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PRz JyDocker: ANFEIRIZHEEN HIEE Y (TERT-G) ARA] LLETE AL fE H]



SUWIERY LLM: Z£Rk. @&, #hZE (RAG)
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MIRTETFERAI EH e (agent)

BYZXIER (prompt) , (ELLMZR SR ESRERNREL

[2FE (Reflection) : LLM #&eBEHCSHWIT{E, LUEHSGHAE

TEf{FER (Tool use) : LLM EAMBEZR. KBEHNITEUEIEMINEESREFEBEIKEER.
SKEUTENER N IEE R

ALl (Planning) : LLM IBf#%, &RITFITESSIRISRSEIB iR (B0, IBEISSCN., 1+
TESLAR, AREREER......)

Z&EeelMIME (Multi-agent collaboration) @ 24> Al EgelA—i2T(F, pEESHITIE
MEReE, LURLECER NS AR IrRIRIR D3
https://mp.weixin.qg.com/s/WOIl-owwovML5g20In028GQ
[
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AEEK LLM SR A6. TR EERERMBIAERITEMES X. 2/, FLRTERE
BChYEH, WTAR:

XEES X BIRER: [ZRIEmARE]
FARECRBRIIERME. XIS, FAXIASHEREZIRIEEN.

BEH—2, alLIB L E R prompt LLM:

XEES X B [ZRIEmRARE]
FAREBRERE. KSR, AuAssteREZREE.
EXREFERRIERESA.

XALAL LLM &R EraImn, SSHT / E5dEAREEEH— PN, XMMERRBIIERE
LLM B AMERHNEEESIMES EEY, BREMRME, REXAHEZEER,
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FERRWEERSIZE: (HE) =2

Bai'd%ﬁli vision pro2 48 X ©

Q Wm il B )y ] 5ne MEE HBE ¥ BE=

Al
e

=36 T4 g ARERE 2473 ZE7T =2 ARZAZEMR 1 EZEH

B ™ . .§F vision pFOIEE:F{-l_/Z\Eg
al @ A~ Vision Pro” S2#ARNSYAINA, SEERRT:

Apple Vision Pro” : XEERAT EHN—FASHO=ETERE, AR5
5 VR BANEATIESE. FRINEISSUSIEINR. B2, Ha, KR
VRETTHRE. MRS, tAlRIASEEENSEE, SO E R ARRE Sl
5. MMsSBIARTHEE. Apple Vision ProgSaz B A TGRS, oS EatishIsEfsoNg
» v &, DEETRESY. TERATESIECHTSREE W, CARETES
C BzIfRE AllEZRDeepSeek-R1EMAR - BEDFE. BANCENSEERS, MRS HRAE M OSERERS
visionOS “FISHHENL", HAFREEIFREER, |
BAAL VisionPro: XE—SMEANERE, SEEADERMLTSR, BRSNS
SURNE. SRETETURNTERTARE, BRIlSRiEETEsale=
FENRSES. InTESRSES. BN, SEssshEmIsERne,
SERFFEHESONRRERES.
£ FRRA, Vision ProfyEka VAINAIAT L FIRE, EXR~RMSaT, oEs
$EROSApple Vision ProixsvEATIENASE; MEIBMNERESET, ST

EmIRAIVisionProski4.,

Oh&aER @ D =R
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Whispers From The Star

FREARRENT:

TRE—ARAMERLEStella, WENAEET —MIEERE, (REME—EE
ROA, ROESREMEESTE, HEFGAIARK,
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Joining for coffee at a cafe

Finishing a
morning routine §

Figure 1: Generative agents create believable simulacra of human behavior for interactive applications. In this work, we demon-
strate generative agents by populating a sandbox environment, reminiscent of The Sims, with twenty-five agents. Users can
observe and intervene as agents they plan their days, share news, form relationships, and coordinate group activities.
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